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Abstract

Knowledge organization system (KOS) registries bring together diverse KOSs under a shared metadata framework, making it easier
to gain a coherent overview and compare them across domains and types. However, the contextual documentation needed to properly
interpret, differentiate, and interlink individual KOSs is not always readily available or verifiable at the point of registration. This paper
treats KOS-related requests for proposals (RFPs) as context-bearing documentation and proposes a human-in-the-loop (HITL), generative
artificial intelligence (AI)-assisted workflow for publishing RFP pages in a MediaWiki-based registry. The workflow separates two
automations: (1) an Apps Script pipeline that generates MediaWiki-ready wikitext from structured fields in a Notion database through a
fixed, rule-based mapping to produce a standardized page skeleton, and (2) slot-based structured summarization that converts narrative
RFP text into publishable sections (Tasks, Methods, Deliverables). Accountability is strengthened through expert-led validation of both
outputs—verifying the generated page structure and ensuring that slot-based summaries remain faithful to the source RFP text—followed
by targeted manual revision where automation alone is insufficient. In an applied case, the structured pipeline was operationally stable,
with medium-complexity cases dominated by recurring issues in classification notation formatting and cross-database value mapping.
These issues were largely correctable but still required expert review and manual correction. The summarization pipeline produced
largely publishable drafts. Revisions were concentrated in the Deliverables slot and in items requiring multiple regeneration runs, while
unsupported additions were rare but consequential and were removed or corrected through expert review prior to publication. This
study contributes a practical, quality-assured method for publishing KOS-related RFPs as context-bearing registry records by integrating
a two-track pipeline—scripted page generation for structured fields and generative summarization for narrative RFP text—with HITL
governance for expert verification and correction.

Keywords: knowledge organization systems (KOSs); KOS registries; contextual documentation; requests for proposals (RFPs); human-
in-the-loop (HITL) governance; generative AI-assisted wikitext generation; generative AI summarization; MediaWiki

1. Introduction

Knowledge organization systems (KOSs) are widely
used knowledge-structuring tools that support the organiza-
tion and retrieval of knowledge resources across domains.
They vary in form and complexity—from term lists and
taxonomies to classifications and ontologies—yet share the
common function of enabling consistent description, navi-
gation, and interoperability across systems and collections
(Gnoli, 2020; Mazzocchi, 2019). These systems are foun-
dational components of knowledge infrastructures, shaping
how resources are described and connected for navigation
and retrieval.

KOS registries curate metadata in a common schema
to provide an overview of and enable comparisons across
a heterogeneous set of KOSs by domain and type (Park,
2023). Beyond serving as human-facing inventories for
discovery and comparison, registries increasingly func-
tion as open-web publishing infrastructures that make
KOS resources machine-actionable—discoverable, link-
able, and reusable by reference through stable identifiers
and hyperlinks—in ways that facilitate linked data publica-
tion and semantic interoperability (Voß, 2025; VZG, 2021;
Zeng andMayr, 2019). Accordingly, registries are expected
to support core user tasks such as finding, identifying, se-
lecting, obtaining, and exploring KOSs. To support these
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tasks effectively, registry records need not only descriptive
metadata about the KOS itself but also contextual infor-
mation, such as its development purpose, design approach,
and relevant standards or regulatory constraints (Zeng and
Žumer, 2013).

In practice, however, such contextual information is
often insufficient when curating individual KOS records.
Although some KOSs are accompanied by manuals or in-
troductory materials, many provide little publicly acces-
sible documentation of their development context, and
relevant information is often fragmented across external
sources. This documentation gap undermines key registry
tasks—interpreting, comparing, and selecting KOSs—and
constrains linking and reuse across related KOSs. Prior
registry-oriented research and practice have made substan-
tial contributions to structuring, categorizing, and expos-
ing KOSmetadata for discovery and interoperability (Gnoli
et al., 2019; Ledl and Voß, 2016; Park, 2023; Park et
al., 2020; Voß, 2016, 2025; Zeng and Mayr, 2019); yet
they have addressed contextual documentation less sys-
tematically. Building on this foundation, this paper ar-
gues that registries should also curate and publish records
that document how KOS projects were specified, justified,
and evaluated over time. We ground this study in Korean
Knowledge Organization System (K-KOS) Open Archives,
a MediaWiki-based KOS registry, as an applied setting for
publishing such contextual records interlinked with KOS
metadata (K-KOS Metadata Project Team, 2025).

As a concrete source of such contextual documenta-
tion, we use KOS-related requests for proposals (RFPs),
which capture project scope, requirements, constraints, and
decision criteria (Nguyen et al., 2022; Park, 2023; Xia et
al., 2013). In Korean public procurement, project calls are
typically published as a notice webpage accompanied by
downloadable attachments, including a detailed RFP docu-
ment (Uhm et al., 2015). We treat the notice page together
with its attached RFP document as an RFP package and cu-
rate it as a context-bearing registry record that can be linked
to KOS entries. This publication pattern preserves a trace
of what the procuring organization requested and how com-
peting proposals were to be assessed, making RFP packages
particularly valuable as registry evidence.

This study emerged from a practical need to publish
documentary traces of KOS project specifications within
K-KOS Open Archives, where RFP packages present a par-
ticular challenge: they are heterogeneous and costly to nor-
malize into consistent, registry-ready records. To func-
tion as registry entries, RFPs must be published as dedi-
catedMediaWiki pages and explicitly linked to correspond-
ing KOS metadata, which requires both standardized page
generation and careful summarization of narrative content.
When carried out manually, this work involves extensive
manual reformatting and editing and time-intensive draft-
ing, creating a substantial barrier to producing and main-
taining RFP pages at scale. For small, research-driven reg-

istries, commissioning bespoke automation from specialist
developers or vendors is often impractical, underscoring the
need for lightweight workflows that domain experts can op-
erate.

Generative artificial intelligence (AI) can shift the bal-
ance of effort in registry publishing by lowering the oper-
ational burden for domain experts. Rather than directing
effort toward engineering-heavy automation or model train-
ing, reusable foundation models allow experts to shape out-
puts by articulating context and criteria through prompts.
For narrative sources such as RFP packages, this makes it
feasible to normalize heterogeneous text into stable publish-
able sections while keeping domain judgment central.

Yet registry publishing also amplifies the impact of
generative AI limitations, as records are intended to be
reused and interlinked on the open web. In this setting,
unsupported additions, overgeneration, or subtle misalign-
ments with source documents can introduce quality risks
unless outputs are subject to expert review. Accordingly,
we use generative AI in a constrained manner, limiting
its role to slot-based structured summarization of narrative
RFP sections, while keeping structured fields rule-based
and scriptable.

For this reason, publishing context-bearing records on
the open web requires operational governance that sup-
ports expert review, revision, and decision-making over
time. Here, we frame human-in-the-loop (HITL) not as
data labeling but as governance for publishing: domain ex-
perts define constraints, review generated outputs, and ap-
prove or revise content where automated processing falls
short. On this basis, we design a publication workflow
that combines scripted transformation of structured fields
with bounded generative summarization of narrative con-
tent forMediaWiki publication. Using an applied case from
a MediaWiki-based KOS registry, the study evaluates how
generative AI and expert judgment can be combined to sup-
port sustainable registry publishing and maintenance.

The research questions (RQs) are as follows, with
quality outcomes rated as High/Medium/Low:

RQ1. For the structured pipeline (scripted transforma-
tion), what quality ratings are achieved, and what recurring
mapping and rendering defects account for non-High out-
comes?

RQ2. For the narrative pipeline (slot-based structured
summarization), what quality ratings are achieved, how is
rework distributed across regeneration runs, and which slot-
level weaknesses account for non-High outcomes?

RQ3. How does a generative AI–assisted HITL work-
flow change registry publishing practices relative to manual
production and specialist-dependent development?

The remainder of the paper presents the conceptual
grounding, the dual-automation workflow and evaluation
design, the findings from the applied case, and the resulting
implications and limitations.
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2. Conceptual Grounding and Design
Principles
2.1 KOS RFPs for Discovery, Documentation, and Traces

Public procurement calls often make project docu-
mentation publicly accessible through a notice webpage
with downloadable attachments. For KOS-related initia-
tives, these materials can provide a durable documentary
trace of what was requested and how proposals were to be
assessed, complementing KOS metadata that is otherwise
difficult to contextualize (Park, 2023).

Throughout this paper, an RFP package refers to the
pair of (1) a project notice webpage (typically containing
tabular administrative metadata) and (2) an attached RFP
document (typically containing narrative descriptions of
project requirements). Conceptually, we treat KOS-related
RFP packages as serving three complementary roles in reg-
istry work: leads for KOS discovery, surrogate documenta-
tion for development and revision context, and documen-
tary traces of legacy, superseded, delayed, or discontin-
ued initiatives. In this study, each RFP package is treated
as a context-bearing unit that can be curated and linked
alongside corresponding KOS metadata in a registry. For
brevity, we use “RFPs” as shorthand for curated RFP pack-
ages where no ambiguity arises.

First, RFP packages can function as early, actionable
leads for discovering emergingKOS initiatives. ManyKOS
artifacts become visible to registries only after implemen-
tation or public release, whereas procurement notices and
attached RFPs provide earlier signals that an organization
is initiating a KOS-related project. Registries can therefore
create context-bearing records early and later establishKOS
links once the resulting KOS can be identified with suffi-
cient confidence.

Second, RFP packages can serve as surrogate docu-
mentation when official manuals or other publicly acces-
sible project documentation for a KOS are missing or dif-
ficult to obtain. Even when a KOS is implemented, avail-
able descriptions often omit the development rationale, con-
straints, referenced standards, and other contextual factors
that shaped the work. RFP packages help fill this gap by
preserving stated requirements and procurement-time eval-
uation criteria for awarding the contract, along with contex-
tual details about scope and expected deliverables. Curat-
ing these documents alongside KOS metadata improves in-
terpretability and supports more grounded comparison and
linking of related KOSs in registry work.

Finally, RFP packages may remain as durable traces
even when a KOS initiative is revised, superseded, delayed,
or never fully implemented. In these cases, the package
can still be valuable: it documents what was requested and
what decision criteria were specified at the time. Preserving
such traces in a registry context can reduce duplication of
effort, support retrospective analysis of KOS development
trajectories, and provide institutional memory of initiatives
that shaped the KOS landscape without producing stable
artifacts.

2.2 Wiki-Based Registry Publishing on the Open Web
To support discovery, linking, and reuse by reference

on the open web, registry publishing imposes a set of func-
tional requirements on how records are made available.
Registry records must be discoverable by both human users
and external services, citable as stable reference points, and
explicitly linked to related resources (Ledl and Voß, 2016;
Voß, 2025; Zeng and Mayr, 2019). In addition, because
registry descriptions evolve over time, published records
must remain correctable and maintainable as links change
and new contextual information becomes available.

Wiki-based publishing environments provide a prac-
tical way to meet these requirements (Leclercq and Savon-
net, 2011; Voß, 2016). Platforms such as MediaWiki sup-
port stable page identifiers that function as persistent ref-
erence points, rich internal and external linking (e.g., other
registries and authority sources), and incremental mainte-
nance through revision histories. Template-based page ar-
chitectures further enable the consistent rendering of struc-
tured fields—such as infoboxes—while allowing narrative,
descriptive content to be presented alongside them in the
main text. Through this combination, heterogeneous reg-
istry records can be published in predictable layouts without
sacrificing contextual expressiveness.

Publishing registry records on the open web also ex-
tends their value beyond a single registry or community.
Because pages are indexable by general-purpose search en-
gines and navigable through internal search and category
structures, published records can be discovered, cited, and
linked by external users and services. In this setting, reuse
primarily occurs by reference: external systems and reg-
istries can point to published pages as stable link targets and
incorporate them through citation and cross-registry link-
ing, rather than by copying or rehosting content.

Taken together, these requirements highlight the need
for publication practices that can reliably render both struc-
tured metadata and narrative sources into stable, maintain-
able web pages, while remaining open to revision and ex-
pert verification over time.

2.3 HITL as Governance for Generative AI-Assisted
Publishing

In this study, we treat HITL as a governance lens for
generative AI-assisted publishing—specifying who holds
decision rights over public release and how quality is as-
sured across iterative drafting and revision. In machine
learning research, HITL is often framed in terms of human
involvement in model development and validation (e.g., la-
beling and evaluation). These roles, however, also raise a
broader question: where human control enters theworkflow
and how it constrains system outputs. Mosqueira-Rey et al.
(2023) describe HITL-ML as an umbrella concept spanning
paradigms that differ by where control resides; we adopt
this control-centered interpretation because it clarifies how
authority and quality checks are exercised when outputs are
iteratively generated, reviewed, and revised.
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In generative AI–assisted workflows, control is ex-
ercised less through direct model modification and more
through workflow-level steering of outputs. Practical in-
tervention therefore shifts toward prompt design and struc-
tured output formats (e.g., slot- or section-level templates),
with humans acting primarily as reviewers who assess, re-
vise, or reject successive drafts. In publishing contexts, this
review function must be operationalized, because fluent but
weakly grounded text—once released—can persist and ac-
cumulate maintenance costs over time.

For registry publishing, we frame HITL not as a post-
hoc review but as governance for public release. Gover-
nance here means that domain experts retain editorial re-
sponsibility for what is published, and that release requires
explicit expert review and approval. Accountability is sup-
ported through traceable publishing practices: published
sections remain re-checkable because the workflow pre-
serves how outputs were produced from specific inputs and
prompts (or rules), and how they were subsequently revised
during expert review (Papagiannidis et al., 2025). This
framing is especially important when generative AI is used
to produce narrative text for publication, where outputs may
diverge subtly from source documents and therefore require
systematic safeguards against unsupported additions. In
this way, the approach supports responsible AI practices by
making AI assistance transparent, assigning release deci-
sions to designated domain experts, and keeping published
text open to verification over time.

2.4 Practical Guidelines for HITL Governance

To operationalize HITL governance in generative AI-
assisted registry publishing, it is first necessary to clearly
delimit the respective roles of generative AI and domain
experts within the workflow. In this study, AI assistance is
restricted to tasks that work with explicitly provided inputs:
generating and refining MediaWiki-ready scripts based on
predefined mapping rules, and producing or regenerating
draft summaries based solely on supplied source texts. The
workflow explicitly excludes the use of generative AI to
create MediaWiki scripts without reference to curated data
and mapping rules, or to generate narrative content in the
absence of an underlying RFP source.

Second, different treatment is required for structured
and narrative fields with respect to disclosure and editorial
responsibility. For structured fields, generative AI was used
to produce transformation scripts rather than content. The
generated Apps Script handled data extraction via applica-
tion programming interfaces (APIs), field-level mappings
from curated databases, and the rendering of MediaWiki
page structures. As a result, while mapping errors could
occur, the process did not introduce new informational con-
tent beyond what was already present in the source data.
Narrative fields, by contrast, involved AI-assisted genera-
tion of textual content in the form of structured summaries
derived from the original RFP documents. Although ex-

perts reviewed, regenerated, and selectively modified these
summaries, the resulting narrative sections were primarily
shaped by AI-generated text, introducing a fundamentally
different kind of intervention and justifying explicit disclo-
sure of AI assistance. For this reason, narrative sections
warrant explicit disclosure indicatingAI assistance and sub-
sequent expert review ormodification (e.g., “generative AI-
assisted, expert-reviewed”). Such labeling does not func-
tion as a technical control, but as an editorial practice that
makes responsibility and authorship visible to readers in a
registry context where content is intended to be reused by
reference.

Third, HITL governance benefits from preserving not
only published outputs but also key intermediate artifacts
that support review and future maintenance. In addition to
the generated wikitext itself, this includes documentation
of the original database properties used for generation, the
mapping rules that guided scripted transformations, and the
scripts employed to produce page content. When scripts are
revised during publication or maintenance, retaining ver-
sioned records of these changes supports later inspection
and correction. Rather than constituting a comprehensive
audit log, such retained artifacts provide a practical level of
traceability that enables experts to understand how a pub-
lished page was produced and to intervene effectively when
updates or corrections are required.

3. Workflow and Governance Design
This section presents the workflow and governance

design for publishing curated RFP packages as linkableMe-
diaWiki pages interlinked with KOS metadata. Although
RFP packages are identified and structured upstream (col-
lection from notice portals and curation in Notion), the
design and evaluation in this paper focus on the publi-
cation workflow—dual-automation page production—and
the subsequent expert verification prior to release.

3.1 Data Sources and Curation Workspace (RFP Packages
→ Notion Evidence Records)

KOS-related RFP packages serve as the primary
source material for this study. We identified candidate
projects by searching national public notice portals—such
as the Public Procurement Service’s e-procurement sys-
tem and the National research and development (R&D) an-
nouncement portal—for procurement announcements in-
dicating KOS development or closely related knowledge-
organizationwork. For each candidate project, we collected
the public notice webpage together with its downloadable
attachments, most notably the RFP document itself. We
treat this pair as a single RFP package and use it as the basic
evidence unit for registry curation.

To support publication and ongoing maintenance,
each RFP package was re-represented in Notion as an in-
ternal curation workspace that serves as the master record
for both content and operational context. This workspace
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adopts a hybrid representation that separates structured and
narrative elements while preserving their linkage within a
single record. Field-level project metadata derived from the
notice are captured as database properties, whereas the nar-
rative body of the RFP is preserved as free text within the
corresponding Notion page. Although Notion is not the ob-
ject of evaluation in this study, it functions as the internal
record from which publication-ready pages are derived, re-
fined, and maintained.

Beyond transcription, the curation layer supports ex-
pert enrichment. Curators add four types of class numbers,
record related internal and external links, and establish ex-
plicit relations to KOS metadata entries when the avail-
able evidence supports identification. Importantly, RFPs
are modeled as standalone evidence records rather than em-
bedded fields within KOS metadata. This design reflects
practical registry constraints: some RFPs can be collected
without confidently identifying the resulting KOS, while
some KOS records lack discoverable RFP documentation.
Treating RFPs as independent records allows links to be es-
tablished conditionally and preserves the distinct roles and
lifecycles of implemented KOS artifacts and the procure-
ment documents that specify their intent, requirements, and
expected deliverables.

To illustrate the applied workflow, Fig. 1 presents an
example of transforming a public procurement notice and
its attached RFP document into aMediaWiki-based registry
page. The source material combines structured metadata
with narrative content distributed across the notice page and
the RFP attachment. Through the dual-automation work-
flow, these materials are reorganized into structured fields
and slot-based summaries, making them more consistent,
interpretable, and linkable to related KOS entries.

3.2 Publishing Workflows
3.2.1 Baseline: Manual Registry Publishing

In the manual workflow, publishing typically begins
by authoring a reference MediaWiki page and duplicating
its wikitext to create new pages as templates. After tem-
plate duplication, structured and narrative components are
populated separately.

For structured fields, two manual strategies are com-
mon. First, curators copy values from the Notion database
property-by-property and paste them into the correspond-
ing template fields, creating repetitive transcription work
across entries. Second, curators export Notion data to a
spreadsheet and assemble wikitext using spreadsheet func-
tions (e.g., concatenation) by attaching MediaWiki tags to
cell values. This approach can accelerate simple field in-
sertion. However, it becomes brittle when complex markup
is required (e.g., multi-row tables or nested template struc-
tures), where manual correction and troubleshooting are
time-consuming.

For narrative RFP content, the source document is
available, but curators still need to produce slot-structured

summaries from scratch. This involves browsing the doc-
ument, drafting concise prose aligned with slot boundaries,
and converting the text into MediaWiki-ready form. While
RFPs share recurring sections, the slot-level rewriting and
formatting remain cognitively demanding and difficult to
standardize across entries.

Relative to this baseline, the proposed HITL dual-
automation workflow replaces manual transcription and
from-scratch drafting with two complementary pipelines—
structured transformation and narrative summarization—
supported by expert review and release decisions (Sections
3.2.2–3.2.3).

3.2.2 Proposed HITL Dual-Automation Workflow
We published KOS-related RFP entries to the K-KOS

Open Archives (MediaWiki) using a template-based page
architecture. As shown in Fig. 2, the proposed HITL
dual-automation workflow separates two complementary
pipelines: (i) a structured pipeline that renders field-level
metadata into MediaWiki-ready wikitext through scripted
transformation, and (ii) a narrative pipeline that produces
slot-based summaries from preserved RFP text.

This separation reflects different error profiles and
control strategies. The structured pipeline is governed pri-
marily by deterministic mapping and formatting rules, re-
sulting in predictable and identifiable error patterns. By
contrast, the narrative pipeline relies on generative sum-
marization and therefore requires bounded regeneration and
closer expert verification to mitigate drift and unsupported
additions.

Both pipelines output MediaWiki-ready wikitext in-
tended for insertion into a dedicated RFP page template
and for explicit linking to the corresponding KOS metadata
entry. Expert verification and release decisions integrate
the two pipelines at the workflow level, ensuring that both
structured and narrative components meet publication stan-
dards before public release.

3.2.2.1 Operational Framing: Phases, Rounds, and Runs.
We structured the proposed workflow as two phases, each
organized into three operational rounds that reflect how
publication work is iteratively prepared, applied, and final-
ized. These rounds are labeled RS0–RS2 in the structured
pipeline and RU0–RU2 in the narrative pipeline (R = round;
S = structured; U = unstructured; 0 = initial pilot, 1 = ap-
plication, 2 = final). Here, a round denotes a distinct stage
of coordinated activity within a phase—initial piloting and
refinement, controlled application across items, and expert
review leading to release decisions. The notion of a run is
used only in Phase 2 to describe item-level regeneration at-
tempts during AI-assisted summarization.

In Phase 2, a run corresponds to a single generation
of a complete slot-based summary produced under a fixed
prompt and slot template. When regeneration is required,
multiple runs may be produced for the same item; how-
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Fig. 1. Example of source RFP notice and corresponding published registry page (K-KOSOpenArchives). Source RFP: https://ww
w.ntis.go.kr, Published registry page (K-KOS Open Archives): https://openarchives.net/kos/Korean_Green_Taxonomy_advancement.
RFP, request for proposal; K-KOS, Korean Knowledge Organization System.

Fig. 2. HITL dual-automation workflow for publishing KOS-related RFP pages in a MediaWiki-based registry. Scripted wikitext
generation from structured fields (Phase 1) and slot-based summarization of narrative text (Phase 2), integrated through expert review,
refinement, and release decisions. HITL, human-in-the-loop.

ever, evaluation is applied only to the final version retained
after expert review and selective revision, not to interme-
diate drafts. This distinction allows regeneration behavior

to be analyzed without confusing intermediate drafts with
published content.
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For Phase 1 (structured fields), the workflow empha-
sizes rule stabilization rather than regeneration. An ini-
tial pilot round (RS0) is used to refine field mappings and
rendering rules based on a subset of items. Once stabi-
lized, these rules are applied deterministically across items
in grouped executions (RS1), producing MediaWiki-ready
wikitext consistently across all items. A final round (RS2)
involves expert review, minor corrections where needed,
and publication.

For Phase 2 (narrative fields), an analogous structure
is applied with different controls. An initial pilot round
(RU0) is used to refine summarization instructions and slot
boundaries. A fixed prompt and slot template are then ap-
plied across items (RU1), allowing bounded regeneration
when summaries fail to meet quality expectations. The final
round (RU2) consists of expert review, selective revision,
and release decisions.

This phase–round framing makes the workflow re-
peatable and maintainable: structured outputs can be re-
rendered when source data change, while narrative outputs
can be selectively regenerated and reviewed without desta-
bilizing already approved content.

3.2.2.2 Phase 1: Structured Pipeline (Scripted Transfor-
mation). Phase 1 renders structured properties curated in
Notion into MediaWiki-ready wikitext through fixed, rule-
based mappings. An Apps Script retrieves item-level val-
ues from the internal curation workspace and renders them
into a standardized page schema, including an infobox,
overview sections, and a Related information section. This
section initially lists linked KOS metadata entries, rele-
vant reports, and related RFP records as textual references,
which are subsequently verified and, where appropriate,
converted into internal wiki links during expert review.

RFP-related metadata were distributed across multi-
ple linked Notion databases, including classification infor-
mation and managing organizations. While direct field re-
trieval from the primary RFP record was generally stable,
values derived through relational links required additional
attention during rule refinement to ensure consistent ren-
dering. Once these mappings were stabilized, structured
fields could be rendered deterministically and consistently
across all items. Remaining inconsistencies were addressed
through targeted expert review prior to publication, as de-
scribed in Section 3.2.3.

3.2.2.3 Phase 2: Narrative Pipeline (Slot-Based Sum-
marization). Phase 2 produces slot-structured summaries
from the preserved narrative text of RFP documents stored
in the internal curation workspace. Using a fixed slot tem-
plate (e.g., Tasks, Methods, Deliverables), AI assistance
generates structured draft summaries that are converted
into MediaWiki-ready segments for insertion into the target
page template. Because narrative quality and slot fit vary
across items, this phase allows limited regeneration under

a fixed prompt and slot structure, with expert review ensur-
ing that summaries remain aligned with source content and
do not introduce unsupported additions.

The slot template was derived from recurring sections
observed across the RFP corpus, reflecting how required
work and expected outputs are typically specified in pro-
curement documents. Constraining generation to these pre-
defined information elements supports more consistent re-
view and facilitates issue identification and coding in the
evaluation stage.

3.2.2.4 Generative AI Configuration. Two different gen-
erative AI tools were used in the dual-automation work-
flow, reflecting the distinct operational roles of the two
phases. In the structured pipeline, ChatGPT was used to
support Apps Script generation for rule-based transforma-
tion of structured fields into MediaWiki-ready wikitext. In
the narrative pipeline, Notion AI was used to generate slot-
based summaries from preserved RFP text within the No-
tion curation workspace.

Both tools were accessed through paid subscription
services. The experimental work was conducted primarily
in July–August 2025. Although exact model version iden-
tifiers were not systematically logged in this applied opera-
tional setting, the ChatGPT Team plan defaulted to GPT-4o
as the primary model during this period. Notion AI does not
expose version identifiers to end users; at the time of use, it
operated on an internal model configuration without user-
facing version disclosure. The summarization prompt tem-
plate used in Phase 2 is documented in the Appendix, where
an initial prompt and four iterative revisions are recorded
with their rationale, providing a basis for replication that
does not depend on model version.

Prompting was constrained by task type. In the struc-
tured pipeline, prompts were used to generate and refine
transformation scripts based on predefined field mappings
and page structure requirements. In the narrative pipeline,
summarization was guided by a fixed slot template and sta-
ble instructions designed to extract information only from
the supplied RFP text and organize it into predefined sec-
tions (e.g., Tasks, Methods, Deliverables).

For Phase 2, regeneration was bounded to a maximum
of six runs per item—a practical limit beyond which addi-
tional runs yielded diminishing returns and increased the
risk of redundancy, semantic drift, and unnecessary review
burden.

3.2.3 Expert Verification and Release Decisions
After automated generation, domain experts per-

formed final verification and completion prior to public
release. Elements that could not be reliably extracted
or generated—such as ambiguous mappings, edge-case
formatting, or underspecified narrative content—were re-
solved through expert review. Release decisions also in-
cluded confirming required links between the RFP page and
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the corresponding KOS metadata record, as well as check-
ing references to external registries where applicable.

This step addresses long-tail cases that are impractical
to handle through scripting alone, such as complex table
variations or link verification requiring correctness guar-
antees. Rather than extending automation with exception-
heavy rules, these cases are handled through targeted expert
intervention, consistent with the governance framing intro-
duced in Section 2.

3.3 Evaluation and Coding

We evaluated outputs using two complementary re-
porting layers: quality bands (High/Medium/Low; H/M/L)
to summarize publishability, and a phase-aligned issue-
code taxonomy (S-codes, U-codes, P-codes) to explain
sources of rework. This dual reporting supports both dis-
tributional reporting (Section 4.1) and phase-specific error-
pattern analysis (Sections 4.2–4.3).

3.3.1 Evaluation Scope and Artifacts

The unit of evaluation is an item, defined as one cu-
rated RFP package published as a single MediaWiki RFP
page. Each item yields two publishable outputs: a scripted
wikitext rendering of structured fields (Phase 1) and a slot-
based narrative summary (Phase 2). Evaluation was applied
to the final retained outputs used for publication after ex-
pert review. Because item-level regeneration is used only in
Phase 2, run counts are reported exclusively for that phase
as a practical indicator of initial summary fitness and the
resulting concentration of expert review effort.

3.3.2 Quality Grading Protocol (H/M/L)

We defined three quality bands: H (ready to publish
as-is), M (publishable with minor, targeted edits), and L
(requiring substantial revision). Band assignment was ap-
plied to the retained output for each item, reflecting the level
of expert intervention required prior to release. For Phase
2, grading was applied after bounded regeneration under
the fixed prompt/slot template, to the final selected output.
This protocol provides a consistent acceptability lens across
the structured and unstructured components while allowing
phase-specific controls to be analyzed separately in Section
4.

3.3.3 Coding Protocol (S-codes, U-codes, P-codes)

Quality bands summarize overall publishability but do
not explain the sources of rework. To characterize recur-
ring issues, we applied a phase-aligned coding scheme. S-
codes capture recurring issues in the structured pipeline, U-
codes capture recurring issues in the narrative pipeline, and
P-codes localize narrative issues to specific slots in the sum-
mary template. Multiple codes could be assigned to a sin-
gle item to reflect co-occurring issues. Code definitions and
distributions are reported in Section 4.

3.3.4 Evaluation Rationale

This evaluation design is closer to an applied work-
flow assessment than to model-centric benchmarking —
approaches that measure large language model (LLM) ca-
pabilities against standardized tasks and metrics. Prior
work on large language model evaluation has emphasized
that assessment should not be reduced to a single accu-
racy metric, but should instead reflect multiple dimensions
of performance across different task settings (Liang et al.,
2023). Surveys of large language model evaluation have
also stressed the importance of distinguishing what is eval-
uated, where evaluation is situated, and how it is conducted
across diverse task types and application contexts (Chang et
al., 2024). In related domains involving document-oriented
and semi-structured specification tasks, a recent study has
identified key challenges including hallucination, repro-
ducibility, and interpretability, and have called for evalu-
ation approaches grounded in task context and operational
governance (Cheng et al., 2026). The present study follows
these principles by using quality bands and issue-based cod-
ing to assess operational usability and publishability within
a real registry publishing workflow, where source fidelity
and expert oversight serve as the primary safeguards against
hallucination and unsupported additions in generated out-
puts.

4. Results and Operational Findings
4.1 Overall Quality Distribution and Operational Signals

This section reports an aggregate view of output qual-
ity across the two phases of the dual-automation workflow:
(a) Phase 1 scripted transformation for structured meta-
data and (b) Phase 2 slot-based summarization for narra-
tive text. Outputs were graded using a three-band rubric
(High/Medium/Low) aligned with operational rework. For
Phase 2, High indicates acceptance without post-editing
after no more than three generation runs; Medium indi-
cates either acceptance without post-editing after more than
three runs or acceptance after minor post-edits; Low indi-
cates cases requiring substantial revision regardless of run
count. High cases carry no issue or slot code annotations;
forMedium and Low cases, U-codes and P-codes were used
to record reviewer rationales. Fig. 3 presents the resulting
quality distributions for both phases.

In Phase 1 (structured), 406 outputs (68.6%) were
graded High and 186 (31.4%) were graded Medium, with
no Low cases. This distribution indicates that the structured
pipeline was operationally stable: once mapping and ren-
dering rules were established, outputs rarely required more
than localized correction prior to publication.

By contrast, in Phase 2 (narrative), 485 outputs
(81.9%) were graded High, 99 (16.7%) Medium, and 8
(1.4%) Low. Under the run–edit rubric defined in Section
3.3, Medium reflects either iterative convergence (more
than three runs without edits) or minor post-edits within
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Fig. 3. Quality distribution of outputs by component (N = 592). (a) Phase 1 scripted transformation for structured metadata; (b) Phase
2 slot-based summarization for narrative text. H = High (ready to use), M = Medium (minor edits), L = Low (substantial revision). For
Phase 2, Medium and Low cases were annotated with issue codes (U) and slot codes (P); frequency counts are based on non-High cases
(n = 107). N denotes the total number of outputs; n denotes a subset.

three runs, whereas Low indicates cases requiring substan-
tial revision regardless of run count.

We analyze phase-specific rework drivers to explain
these aggregate outcomes. Phase 1 is executed as a single-
pass deterministic transformation after rule stabilization,
whereas Phase 2 may require bounded regeneration (Runs
≤6) during slot-based summarization; Section 4.2 reports
S-code patterns for structured failures and Section 4.3 re-
ports U-code and P-code patterns (and run statistics) for
narrative summaries.

4.2 Phase 1 (Scripted Transformation): Deterministic
Issue Patterns

After the mapping and rendering ruleset stabilized,
Phase 1 operated as a single-pass scripted transformation,
and remaining rework was limited to deterministic markup
and normalization fixes. Across 592 structured entries, 406
outputs (68.6%) were graded High and 186 (31.4%) were
graded Medium, with no Low cases (Fig. 3a), indicat-
ing that Phase 1 rework was dominated by correctable ren-
dering and normalization issues rather than uncertainty in
source data or interpretation.

To characterize rework drivers, we applied a phase-
specific structured issue-code set (S-codes) to all Medium
outputs (n = 186) (Table 1). One issue type dominated:
S1 appeared in 185 of the 186 Medium items (99.5%). S2
affected 18 items (9.7%) and always co-occurred with S1,
suggesting an edge-case condition tied to formatting or nor-
malization rather than an independent failure mode. S3
was observed in a single item (0.5%). Most Medium cases
involved a single issue code (168/186, 90.3%), while the
remainder involved two concurrent issues (18/186, 9.7%),
indicating highly concentrated and predictable rework pat-
terns.

Qualitatively, recurring issues in Phase 1 were con-
centrated in a small number of patterned cases rather than
dispersed across diverse failure types. The dominant recur-
ring problem involved structural correctness inMediaWiki-
ready wikitext, particularly rowspan-related formatting er-
rors. A secondary pattern concerned fixed-width formatting
for classification identifiers (e.g., Dewey Decimal Classifi-
cation (DDC)), where leading-zero padding was occasion-
ally omitted (e.g., “4” instead of “004” or “24” instead
of “024”), reflecting normalization requirements during re-
trieval through relational properties.

Overall, Phase 1 Medium outcomes were dominated
by recurrent edge cases tied to wikitext rendering con-
straints and classification notation formatting or retrieval
paths, rather than by unpredictable or content-related fail-
ures. These issues recurred in similar forms across items,
indicating highly concentrated and patterned sources of re-
work within the structured pipeline.

4.3 Phase 2 (Narrative Summarization): Bounded
Regeneration and Slot-Localized Weaknesses

Phase 2 transforms narrative specifications from the
attached RFP document into slot-based summaries (Tasks,
Methods, Deliverables). Unlike Phase 1’s single-pass de-
terministic rendering, Phase 2 permits bounded regener-
ation (Runs ≤6) to iteratively improve slot-level outputs
prior to expert approval.

Across 592 unstructured summaries, High outputs
were typically obtained quickly: 373 of 485 High items
(76.9%) were produced in a single run. By contrast, runs
of three or more accounted for 120 items (20.3%) but 82 of
the 107 non-High cases (76.6%), supporting run count as a
practical proxy for rework burden in the narrative pipeline
(Table 2).
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Table 1. Frequency of structured issue codes (S-codes) among Medium items (n = 186).
S-code Description Items, n (%)

S1 Rowspan editing error in category name 185 (99.5)
S2 Add leading ‘0’ or ‘00’ to the classification notation 18 (9.7)
S3 Missing DDC classification code 1 (0.5)
Note. S-codes are phase-specific structured issue codes. Percentages are based
on Medium items (n = 186). S2 always co-occurred with S1. Issue-code mul-
tiplicity: 1 code (168 items, 90.3%); 2 codes (18 items, 9.7%). n, number of
Medium items; DDC, Dewey Decimal Classification.

Table 2. Distribution of output quality (H/M/L) by number of
generation runs in Phase 2 (N = 592).

Runs High (%) Medium (%) Low (%) Total (%)

1 373 (99.5) 1 (0.3) 1 (0.3) 375 (63.3)
2 74 (76.3) 23 (23.7) 0 (0.0) 97 (16.4)
3 38 (44.7) 43 (50.6) 4 (4.7) 85 (14.4)
4 0 (0.0) 23 (95.8) 1 (4.2) 24 (4.1)
5 0 (0.0) 8 (80.0) 2 (20.0) 10 (1.7)
6 0 (0.0) 1 (100.0) 0 (0.0) 1 (0.2)
Note. Percentages are computed row-wise, using the number
of items finalized at each run count as the denominator. High-
quality outputs are concentrated in early runs, while items final-
ized after four or more runs do not reach High quality. H/M/L,
High/Medium/Low.

To characterize why Phase 2 outputs required rework,
we assigned phase-specific issue codes (U-codes) to non-
High items (n = 107; Table 3a). U2 (slot content mis-
alignedwith source or incomplete) was themost frequent is-
sue (93/107, 86.9%), indicating that review effort was dom-
inated by alignment and completeness adjustments rather
than missing slot content (U1, 7.5%) or unsupported addi-
tions (U4, 6.5%). Source-text corrections (U3) co-occurred
in 28 cases (26.2%), reflecting instances where the pre-
served RFP text itself required normalization or correction
during curation.

Finally, we localized weaknesses by assigning slot
codes (P-codes) to non-High items (n = 107; Table 3b). P3
(Deliverables) appeared most often (93/107, 86.9%), fol-
lowed by P2 (Methods) (23/107, 21.5%) and P1 (Tasks)
(14/107, 13.1%). This pattern indicates that rework concen-
trated on deliverables articulation and specification, while
tasks and methods were less frequently implicated.

The concentration of rework in the Deliverables slot
(P3) likely reflects both source-text heterogeneity and slot-
boundary ambiguity. In many RFPs, deliverables are not
presented as neatly separable outputs but are embedded
in narrative passages that also include functional require-
ments, scope statements, and performance expectations.
This makes extraction less stable than for Tasks orMethods.
The result also suggests that the current Deliverables slot
may require further refinement, and that slot-based summa-
rization is comparatively less robust when highly specific

output requirements are distributed across complex narra-
tive descriptions.

The co-occurrence patterns of U-codes and P-codes
across non-High items are summarized in Fig. 4. Medium-
grade summaries were dominated by slot-level adjustment
needs (U2), most often localized to the Deliverables slot
(P3). When source-text correction (U3) co-occurred, reme-
diation involved correcting or clarifying the preserved RFP
text before regenerating or editing the summary, underscor-
ing the dependency of narrative summarization on upstream
data quality. Unsupported additions (U4) were infrequent
but consequential and therefore served as a high-risk signal
requiring intensified expert review prior to release.

Low-grade cases more often exhibited U4-type risk
signatures— namely arbitrary recombination of fragments
and unsupported additions not present in the RFP text.
These failures often co-occurred with slot-boundary con-
fusion, where content misassignment produced summaries
that appeared well-formed but were poorly supported by the
source text. Operationally, regeneration count can serve as
a screening indicator: in our dataset, items finalized after
four or more attempts never reached High quality, marking
a clear operational boundary in regeneration effectiveness.
Taken together, the Runs profile and the U-/P-code distribu-
tions show that Phase 2 rework is shaped less by formatting
errors and more by content alignment and source fidelity,
with deliverables extraction as the principal bottleneck.

5. Implications and Limitations
5.1 From Manual Transcription to Review-Centered
Governance

At the outset, generative AI was expected to improve
efficiency in a conventional sense. As the study progressed,
however, it became clear that the workflow was not sim-
ply accelerated but reorganized the publishing paradigm
by shifting effort from manual transcription and drafting
to review-centered controls, bounded regeneration, and ex-
pert decision-making at release. The central question is
therefore not whether AI saves time, but how it redis-
tributes work across phases. The workflow thus reduces
repetitive production work while concentrating expert ef-
fort where deterministic correction and narrative judgment
remain necessary.
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Table 3a. Frequency of unstructured issue codes (U-codes) among non-High Phase 2 outputs (n = 107).
U-code Definition Items, n (%)

U1 Missing slot content in the summary (requires addition) 8 (7.5)
U2 Slot content misaligned with source or incomplete (requires adjustment) 93 (86.9)
U3 Source text correction required (RFP) 28 (26.2)
U4 Unsupported content (hallucinated or arbitrary recombination) 7 (6.5)
Note. U-codes characterize recurring failure modes in narrative summarization. Codes are not mutually
exclusive; percentages therefore may exceed 100%.

Fig. 4. Co-occurrence of unstructured issue codes (U-codes) and slot codes (P-codes) in non-High Phase 2 outputs (n = 107). Cell
values indicate the number of items exhibiting each U–P combination. Multiple U-codes and P-codes may be assigned to a single item;
as a result, the same item can be counted in more than one cell, and the sum of cell values exceeds n = 107.

Table 3b. Frequency of slot codes (P-codes) among non-High
Phase 2 outputs with slot-localized issues (n = 107).

P-code Slot name Items, n (%)

P1 Tasks 14 (13.1)
P2 Methods 23 (21.5)
P3 Deliverables 93 (86.9)
Note. P-codes indicate which summary
slots (Tasks, Methods, Deliverables) con-
tained localized weaknesses. Items may
receive multiple P-codes.

5.2 Phase-Specific Rework Drivers Require Different
Controls

The results show that rework in generativeAI–assisted
registry publishing is not uniform but strongly phase-
specific, with distinct dominant drivers requiring different
forms of operational control. In Phase 1, the structured
pipeline operates as a rule-governed transformation pro-
cess. Once mapping and rendering rules are stabilized, re-
maining issues concentrate in deterministic patterns such

as table markup constraints and identifier normalization.
These issues are repeatable and predictable across items
and are therefore more effectively addressed through val-
idation checks, normalization routines, and schema-level
constraints than through item-level intervention. Expert ef-
fort in this phase is thus best directed toward stabilizing
transformation rules and verifying patterned edge cases at
the batch level.

A substantial share of Medium cases in Phase 1
stemmed not from generalizable rule failures but from re-
curring edge conditions tied to specific values or retrieval
paths. Further reduction would have required increasingly
specialized scripting beyond what domain experts could
sustain; stabilizing rules at a practical threshold and han-
dling residual exceptions through targeted expert review in-
stead proved more effective.

Phase 2 exhibits a contrasting profile. Because
Medium includes cases that converged without edits after
multiple generation runs, run count should be interpreted
as a signal of operational effort and uncertainty rather than
as a direct indicator of textual defect. Slot-based summa-
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rization is sensitive to source adequacy and to alignment
between content and predefined slots, and rework therefore
concentrates in iterative cycles of review and regeneration.
In this phase, quality depends less on syntactic correctness
than on expert judgment regarding fidelity to source content
and slot fit.

Repeated runs thus yield diminishing returns and are
better treated as signals for earlier expert intervention than
as solutions in themselves. When summaries required mul-
tiple regeneration attempts, earlier checks of source ad-
equacy or targeted slot-level edits proved more effective
than continued regeneration. Practical safeguards in Phase
2 therefore include explicit slot definitions, conservative
summarization instructions, and clearly defined expert re-
view and release decisions.

In sum, the dual-automation workflow requires phase-
specific forms of control: validation- and normalization-
oriented practices in the structured pipeline, and review-
centered governance in the narrative pipeline. These dif-
ferences mirror the observed error distributions, with Phase
1 issues concentrated in a small set of structured S-codes
and Phase 2 weaknesses distributed across content-related
U-codes, slot-level P-codes, and repeated regeneration.

5.3 Risk Signals and Review Triggers for Sustainable
Registry Publishing

This section consolidates the operational implications
into two layers: standing guardrails that apply by default
and conditional risk signals that trigger intensified review.
This separation keeps routine publication lightweight while
preserving evidence integrity under human accountability.

Standing guardrails define the minimum rules for rou-
tine operation. In the structured pipeline, these guardrails
center on deterministic validation, particularly markup in-
tegrity and identifier normalization, while long-tail edge
cases remain more sustainably handled through targeted ex-
pert review than through increasingly complex scripting. In
the narrative pipeline, the key guardrail is review-first sum-
marization: slot-based outputs should be treated as struc-
tured drafts that require expert confirmation of fidelity to
the source and alignment with slot boundaries. Across both
phases, accountability should remain explicit through re-
tained regeneration counts, substantial edits, and approval
decisions.

Conditional risk signals indicate when routine con-
trols are insufficient. Elevated regeneration counts sug-
gest diminishing returns and should trigger earlier expert
intervention rather than further regeneration. Slot-localized
weakness, especially in the Deliverables slot, indicates the
need for stricter slot-specific checks and more conservative
prompting. Inadequate source text likewise calls for con-
servative editing and heightened review to prevent unsup-
ported additions and preserve a transparent boundary be-
tween source evidence and editorial intervention.

Together, these two layers—standing guardrails and
conditional risk signals—support a sustainable evidence-
publishingmodel for KOS registries, keeping routine publi-
cation reliable while providing practical cues for intensified
review when needed.

5.4 Limitations and Future Work
The proposed workflow was developed and evaluated

using KOS-related RFPs within the context of Korean pub-
lic procurement. While its underlying architecture is po-
tentially applicable to other document-oriented domains, its
generalizability remains limited in three respects.

First, the applicability of the dual-automation pipeline
to non-KOS RFP content has not been empirically tested.
Although the workflow may extend to other procurement
documents in knowledge infrastructure or researchmanage-
ment, its effectiveness is likely to depend on the presence
of relatively consistent document structures. More hetero-
geneous formats may require substantial adaptation of slot
definitions and summarization strategies.

Second, the workflow has been validated only on
Korean public procurement RFPs. Differences in doc-
ument conventions, language, and institutional practices
across countries may affect both slot-based summarization
and structured transformation. While performance may
improve in English-language contexts, variations in RFP
structure may limit direct transferability.

Third, this study emphasizes operational patterns and
quality distributions rather than directly comparable ef-
ficiency gains. Because the workflow redistributes ef-
fort rather than simply accelerating an unchanged process,
conventional “time saved” metrics are difficult to inter-
pret without controlled observational studies. Future work
should therefore include cross-domain validation and more
systematic measurement of efficiency under comparable
conditions.

6. Conclusions
This study presents a HITL dual-automationworkflow

for publishing KOS-related RFP content in a MediaWiki-
based registry. The workflow distinguishes between struc-
tured transformation and narrative summarization, assign-
ing each phase different forms of control and review.

The findings confirm that generative AI reorganizes
registry publishing rather than simply accelerating it: re-
work in the structured pipeline is largely deterministic and
manageable through validation, while rework in the narra-
tive pipeline requires bounded regeneration and sustained
expert judgment.

This study makes three contributions relative to ex-
isting KOS registry research. First, it extends the focus
from organizing and exposing KOS metadata to curating
and publishing contextual documentation that helps explain
how KOS projects were specified, justified, and evaluated.
In this sense, it builds on prior work on KOS registries and
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KOS discovery (e.g., Park, 2023; Zeng and Mayr, 2019)
while shifting attention from registry description alone to
context-bearing evidence records and their operational pub-
lication. Second, it contributes a dual-automation design
for registry publishing by distinguishing structured field
transformation from narrative summarization, rather than
treating registry content as a uniform target of generative
AI. Finally, in contrast to prior HITL research that has
mainly emphasized human roles in model development, la-
beling, or evaluation (e.g., Mosqueira-Rey et al., 2023), this
study frames HITL as a governancemechanism for publish-
ing, in which human experts function as workflow design-
ers, reviewers, and release authorities.

Overall, the findings suggest that sustainable genera-
tive AI-assisted registry publishing depends less on max-
imizing automation coverage than on clearly delimiting
where automation is reliable and where expert judgment
must remain decisive. Future work should strengthen auto-
mated validation for wiki markup, refine defect taxonomies
for narrative summaries, and examine whether the proposed
phase-specific controls generalize across document types,
procurement contexts, and registry platforms.
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Appendix
Summarization Prompt and Iterative Revisions (Phase
2)

The prompts used in Phase 2 were originally written
in Korean, as the source RFP documents are in Korean. En-
glish translations are provided below for accessibility.
1. Quality guardrails

The following constraints were applied to all summa-
rization runs to ensure fidelity to source documents:

● No unverifiable claims; if a value is unknown, re-
turn “unknown” or leave the slot blank.

● Cite only values derivable from the supplied RFP
text or mapped Notion properties; never infer budgets or
dates.

● Preserve list and bullet structure where present in
the source.

● Redact personally identifiable information where
required by policy.
2. Summarization prompt and iterative revisions

● Initial prompt

Analyze the text in the current page blocks and produce
a concise summary in the exact format below. Keep the
section headings exactly as written (in Korean), because
they will be inserted into a MediaWiki script.
==사업내용== [Project Description]
‘ ‘ ‘과업내용’ ’ ’ [Scope of Work]
‘ ‘ ‘수행방법’ ’ ’ [Methodology]
‘ ‘ ‘주요산출물’ ’ ’ [Key Deliverables]
After completing the summary, insert the following line
exactly as-is:
== 이하는스크립트에서제외== [The following content
is excluded from the script]

● Revision 1: Exclude administrative and procedural
content

Added slot-level guidance to distinguish substantive
research tasks from administrative and procedural content
(e.g., budgets, report copy counts).
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Analyze the text in the current page blocks and produce
a concise summary in the exact format below. Keep the
section headings exactly as written (in Korean), because
they will be inserted into a MediaWiki script. Scope of
Work refers to the actual activities carried out in the re-
search project; Methodology refers to the research meth-
ods used for those activities — look for content related
to surveys, literature reviews, and similar methods. Key
Deliverables refers to the principal outputs such as reports
and classification schemes.
==사업내용== [Project Description]
‘ ‘ ‘과업내용’ ’ ’ [Scope of Work]
‘ ‘ ‘수행방법’ ’ ’ [Methodology]
‘ ‘ ‘주요산출물’ ’ ’ [Key Deliverables]
After completing the summary, insert the following line
exactly as-is:
== 이하는스크립트에서제외== [The following content
is excluded from the script]

● Revision 2: MediaWiki code awareness
Added an explicit instruction that the output would be

used as MediaWiki script code, and specified that all text in
the Notion page block should be rendered in plain text with
uniform font size and black font color.

Analyze the text in the current page blocks and produce
a concise summary in the exact format below. Keep the
section headings exactly as written (in Korean), because
they will be inserted into a MediaWiki script. The output
will be used as MediaWiki script code. When presenting
in the Notion page block, use plain text throughout, with
uniform font size and black font color.
==사업내용== [Project Description]
‘ ‘ ‘과업내용’ ’ ’ [Scope of Work]
‘ ‘ ‘수행방법’ ’ ’ [Methodology]
‘ ‘ ‘주요산출물’ ’ ’ [Key Deliverables]
After completing the summary, insert the following line
exactly as-is:
== 이하는스크립트에서제외== [The following content
is excluded from the script]

● Revision 3: Attribution phrase added
Added a required attribution phrase to be inserted after

the summary.

Analyze the text in the current page blocks and produce
a concise summary in the exact format below. Keep the
section headings exactly as written (in Korean), because
they will be inserted into a MediaWiki script. The output
will be used as MediaWiki script code. When presenting
in the Notion page block, use plain text throughout, with
uniform font size and black font color.
==사업내용== [Project Description]
‘ ‘ ‘과업내용’ ’ ’ [Scope of Work]
‘ ‘ ‘수행방법’ ’ ’ [Methodology]
‘ ‘ ‘주요산출물’ ’ ’ [Key Deliverables]
After completing the summary, insert the following:
(위사업내용은AI 요약과연구팀담당자의검토를거쳐
생성하였음)
[The project description above was generated through AI
summarization and review by the research team.]
Leave one blank line, then insert:
== 이하는스크립트에서제외== [The following content
is excluded from the script]

● Revision 4: Line-break handling
- Revision 4.1: Line-break handling with custom bullets

The fourth revision addresses the issue where multi-
line summaries fail to break lines. When the default bullet
style was applied, everything rendered on a single line; “ㅇ”
was adopted as a replacement bullet marker.

Analyze the text in the current page blocks and produce
a concise summary in the exact format below. Keep the
section headings exactly as written (in Korean), because
they will be inserted into a MediaWiki script. Use “ㅇ”
as the bullet marker. When presenting in the Notion page
block, use plain text throughout, with uniform font size
and black font color.
==사업내용== [Project Description]
‘ ‘ ‘과업내용’ ’ ’ [Scope of Work]
‘ ‘ ‘수행방법’ ’ ’ [Methodology]
‘ ‘ ‘주요산출물’ ’ ’ [Key Deliverables]
After completing the summary, insert the following:
(위사업내용은AI 요약과연구팀담당자의검토를거쳐
작성하였음)
[The project description above was prepared through AI
summarization and review by the research team.]
Leave one blank line, then insert:
== 이하는스크립트에서제외== [The following content
is excluded from the script]

- Revision 4.2: Forced <br/><br/> for breaks
Because line-break failures persisted, added explicit

<br/><br/> before each bullet marker to force line separa-
tion.
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Analyze the text in the current page blocks and produce
a concise summary in the exact format below. Keep
the section headings exactly as written (in Korean), be-
cause they will be inserted into a MediaWiki script. Use
“<br/><br/>ㅇ” as the bullet marker. When presenting in
the Notion page block, use plain text throughout, with uni-
form font size and black font color.
==사업내용== [Project Description]
‘ ‘ ‘과업내용’ ’ ’ [Scope of Work]
‘ ‘ ‘수행방법’ ’ ’ [Methodology]
‘ ‘ ‘주요산출물’ ’ ’ [Key Deliverables]
After completing the summary, insert the following:
(위사업내용은AI 요약과연구팀담당자의검토를거쳐
작성하였음)
[The project description above was prepared through AI
summarization and review by the research team.]
Leave one blank line, then insert:
== 이하는스크립트에서제외== [The following content
is excluded from the script]

- Revision 4.3: Two-level bullet hierarchy
Introduced a two-level bullet structure (“ㅇ” for pri-

mary items, “·” for sub-items) with double <br/> separators
to support more detailed summaries.

Analyze the text in the current page blocks and produce
a concise summary in the exact format below. Keep the
section headings exactly as written (in Korean), because
they will be inserted into a MediaWiki script. Use “ㅇ”
and “<br/><br/> ·” as the bullet markers. When presenting
in the Notion page block, use plain text throughout, with
uniform font size and black font color.
==사업내용== [Project Description]
‘ ‘ ‘과업내용’ ’ ’ [Scope of Work]
‘ ‘ ‘수행방법’ ’ ’ [Methodology]
‘ ‘ ‘주요산출물’ ’ ’ [Key Deliverables]
After completing the summary, insert the following:
(위사업내용은AI 요약과연구팀담당자의검토를거쳐
작성하였음)
[The project description above was prepared through AI
summarization and review by the research team.]
Leave one blank line, then insert:
== 이하는스크립트에서제외== [The following content
is excluded from the script]

● Revision 5: Exclude budget and project duration
Added explicit instructions to omit budget figures and

project duration from the summary, as these are already
captured in structured fields.

For each page block in the KOS RFP database where
the wiki-exclusion flag (위키제외 (정형)) is “no” and
the project announcement ID (사업공고ID) begins with
“RFP-”, execute the following and insert the result at the
top of the page.
Analyze the text in the page blocks below and produce a
concise summary in the exact format below. Exclude bud-
get and project duration. Keep the section headings ex-
actly as written (in Korean), because they will be inserted
into a MediaWiki script. Use “ㅇ” as the bullet marker,
or “ㅇ” and “·” for hierarchical content. When presenting
in the Notion page block, use plain text throughout, with
uniform font size and black font color.
==사업내용== [Project Description]
‘ ‘ ‘과업내용’ ’ ’ [Scope of Work]
‘ ‘ ‘수행방법’ ’ ’ [Methodology]
‘ ‘ ‘주요산출물’ ’ ’ [Key Deliverables]
After completing the summary, insert the following:
(위사업내용은AI 요약과연구팀담당자의검토를거쳐
작성하였음)
[The project description above was prepared through AI
summarization and review by the research team.]
Leave one blank line, then insert:
== 이하는스크립트에서제외== [The following content
is excluded from the script]
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